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e tianshou

e rllab

¢ Deep Reinforcement Learning for Keras

¢ baselines

e Stable Baseline3 (HL[fiA JLME; % > 5i%: BC, DAgger, AIRL, GAIL)
e MuJoCo-PyTorch (X MR ARILGAAEH 1, EHARTERE, T{E1E%)
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e MuJoCo (F i Hlinux3 5%, 2R 5 H AR HBHFE Z2MuJoCo'E W H1 & fi L)
e MiniGrid (&% MBS F 5D
® mj envs

TEAHL 22 35 m) envsIA I
git clone mj_envs
T #mijrl

conda activate gymlab
cd ~/F#/mj_envs

pip install -e .

cd ~/F#E/mjrl

pip install -e .

cd ~/F#/mj_envs/mj_envs
python utils/visualize_env.py --env_name hammer-v0

(1) H IGLEW error
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https://github.com/openai/baselines
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Running trained model
Creating window glfw
ERROR: GLEW 1initalization error: Missing GL version

Press Enter to exit ...Killed

FEmujocofi Rl 5 22 3 5e #E

sudo apt-get install 1libgll-mesa-dev 1libgll-mesa-glx libglew-dev
Tibosmesa6-dev build-essential 1ibglfw3

K5, 2% GLEW error

vi ~/.bashrc

export LD_PRELOAD=/usr/1ib/x86_64-Tinux-
gnu/1ibGLEW.so:/usr/1lib/nvidia-390/11ibGL.so

B

export LD_PRELOAD=/usr/1ib/x86_64-Tinux-gnu/1ibGLEW.so
sourcec ~/.bashrc

(2)No module named 'torch’
conda install pytorch==1.4.0 # https://pytorch.org/get-

started/previous-versions/

pip install --upgrade numpy

TP

import mj_envs
import gym

env_name = "hammer-vO0'

env = gym.make(env_name)

RL& ,tricks


https://blog.csdn.net/gsww404/article/details/80636676
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2. reward shaping

YA R A D (B IARBR A EE) |, BLREAd PSR i reward SR I 258 RE 44 2
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o BEBOLD(~— 4347 8 A 1E 22 il sg XL T7 2X0)

e count based (P72 5)

e curiosity driven (& 02 IRE])

e UPGO

e Self-Imitation ([ £1/)

o UCBXHt (8111 E&E (Explore and Exploit) J77%)
o 7 ARKAE (UCBHI DU HTAR)

4. self-play 15

o THEME: NBTIEEREA A A AR RIS T, Al DifEself-playid f2 R AL
KA 3 SRR T

o IA: NPT IE AR BEARVE NREJIIRN AT, AT AR, B
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5. FEGANII ZrAFaE M2 1 %%
(1) fnE. ZGexpert data, generate datafiliM:sA 5 4 Adiscriminator il 45;
(2) PRZEFiE: expert_dataffjlabelfi1->0.9, generate dataffjlabel10->0.1;

# generator_loss =
tf.nn.sigmoid_cross_entropy_with_logits(logits=generator_logits,
Tabels=tf.zeros_like(generator_logits))

generator_loss =
tf.nn.sigmoid_cross_entropy_with_logits(logits=generator_logits,
Tabels=tf.add(tf.zeros_1like(generator_logits), 0.1))

# expert_loss =
tf.nn.sigmoid_cross_entropy_with_logits(logits=expert_logits,
Tabels=tf.ones_like(expert_logits))

expert_loss =
tf.nn.sigmoid_cross_entropy_with_logits(logits=expert_logits,
Tabels=tf.add(tf.ones_like(expert_logits),-0.1))

(3) iff#generatorflldiscriminators >) 3.
W% Ay: d Ir (0.0004) >g Ir (0.0001) ;

J5ok: d Ilr(3e-4=0.0003) < g Ir(1e-3=0.001)

6.4 2 LR ST AT B
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