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While my rating would be 4 or 5 stars if [ was 9
to 12, it is 2 star as an adult fantasy reader...

Classical sci-f1 at it's best. | have read tons of sci-
fi and fantasy over last 20 years...

This is truly an amazing work, and is a very well-
known story...

Of course, this is classic. The book is of course
amazing...

This book 1s about love ...and you appreciate
wonderful writing, you will love this book...

This is an old fashioned, but passionate love story.
I can't believe how much I LOVED this book...
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Figure 2: Overview of the proposed review-enhanced hierarchical contrastive learning.
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| nstrument 1429 10261 0. 798%
Music 5541 3568 64706 0. 327%
Toy 19412 11924 167597 0.072%

ESBE

Rating-based GNN GCN. LightGCN. NGCF HAE= A/ 564
Rating-based GCL SCL « L2IEN{kS£17310e-4
Review-based topic TopicMF. ALFM © REREECA3

| . fEEAdamiL LR
Review-based CNN DeepCoNN. NARRE « E313RH0.001
Review-based GNN HGNR. SSG

Review-based GCL RGCL
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Maddl Instrument Music Toy
H@l10 M@I0 N@10 | H@10 M@10 N@10 | H@10 M@10 N@10

GC-MC | 0.2451 0.0682 0.1080 | 0.4614 0.1609 0.2308 | 0.3304 0.1237 0.1717
NGCF 0.2500 0.0957 0.1317 | 0.4729 0.1854 0.2523 | 0.3379 0.1428 0.1841
LightGCN | 0.2661 0.0933 0.1336 | 0.4839 0.2156 0.2783 | 0.3459 0.1478 0.1906

| (2) Rating-based GCL | SGL | 0.2773 0.0941 0.1367 | 0.4889 0.2170 0.2794 | 0.3549 0.1507 0.2044 |

(3) Review-based topic TopicMF | 0.2969 0.1118 0.1575 | 0.4408 0.1765 0.2381 | 0.2796 0.1072 0.1472
p ALFM 0.3249 0.1419 0.1849 | 0.4848 0.1946 0.2618 | 0.3090 0.1218 0.1653

DeepCoNN | 0.3213 0.1427 0.1847 | 0.5376 0.2505 0.3180 | 0.3478 0.1427 0.1905
NARRE | 0.3432 0.1492 0.2033 | 0.5647 0.2637 0.3346 | 0.3617 0.1493 0.1987

SSG 0.2605 0.0853 0.1259 | 0.4733 0.1944 0.2596 | 0.3469 0.1476 0.1919
HGNR 0.2780 0.0999 0.1414 | 0.4958 0.2232 0.2873 | 0.3692 0.1556 0.2091

| (6) Review-based GCL | RGCL | 0.2731 0.0914 0.1335 | 0.4935 0.2042 0.2717 | 0.3636 0.1531 0.2049 |

(7) OURS | ReHCL |0.3936* 0.1612% 0.2155%|0.6116* 0.2797* 0.3570* | 0.3885* 0.1833* 0.2313*
Improv. 14.68% 8.03% 6.00% | 8.30% 6.07% 6.71% | 5.23% 17.80% 10.62%

(1) Rating-based GNN

(4) Review-based CNN

(5) Review-based GNN

Table 2: Performance results. The row of "Improv.” indicates the improvement of the best result of ReHCL (boldface) compared
with the best baseline (underscore). * indicates the statistical significance for p < 0.05 compared with the best baseline.
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Graph | Instrument | Music | Tov
£ 3 XA ) |9 T 9 0.2906 [0.48470.3371
M7 AR R G2 + G? 0.2808 |0.4523|0.3147
MHERY ﬁ?%ﬁ M 1 T 2 2
o B) G+ GI+GZ+GZ| 03165 |0.5121]0.3469
(6) | ReHCL 0.3936 | 0.6116 | 0.3885

Table 3: Comparison of different graphs in terms of HR @ 10.
The results with the best performance are marked in bold.
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Graph

| Instrument | Music | Toy

G"+G,+G; 0.3242  [0.5531]0.3541
ﬁﬁﬁ?&ﬂ%m oG+ G+ G 0.3522 |0.5782|0.3657
B AR R — Gt +Gl+G2 0.3789 [0.5848 [ 0.3799
L LU GR 4 gl 4 g 03817 |0.58300.3733

(6) | ReHCL 0.3936 | 0.6116 | 0.3885

Table 3: Comparison of different graphs in terms of HR @ 10.

The results with the best performance are marked in bold.
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Graph Instrument | Music | Toy
(1) | G* 0.2941 [0.4897|0.3483
) Gl + 3l 0.2906 | 0.4847 [0.3371
2 2
I G2 +G: 0.2808 |0.4523|0.3147
M E B E E = XS
smpagny |G+ G, + i 0.3242 |0.5531 | 0.3541
+ YGR 4 G2+ G2 0.3522 |0.5782|0.3657
(6) | ReHCL 0.3936 |0.6116 | 0.3885

Table 3: Comparison of different graphs in terms of HR @ 10.
The results with the best performance are marked in bold.



/| S B S

BITAEEXREF
WH A - A PRI
B-IMBE, AR
I E ™A X
BE B Froamk.

Graph Instrument | Music | Toy
()| G" 0.2941 [0.4897]0.3483
(5) G*+G,. +G3 0.3789 [0.5848[0.3799
G4+ G +G? 0.3817 |0.58300.3733
(6) | ReHCL 0.3936 |0.6116 | 0.3885

Table 3: Comparison of different graphs in terms of HR @ 10.
The results with the best performance are marked in bold.
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Model Instrument | Music Toy

— (1 ReHCL_GCN 0.3578 0.5601 | 0.3484
ReHCL_NGCF 0.3690 0.5831 | 0.3606

ReHCL_NA 0.3873 0.6031 | 0.3788

. (2) | ReHCLED 0.3898 0.6022 | 0.3821
ReHCL_ND 0.3824 0.5951 | 0.3785

(3) | ReHCL _Info 0.3908 0.6042 | 0.3806
/ (4) | ReHCL 0.3936 0.6116 | 0.3885

Table 4: Comparison of variants in terms of H@10.
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Figure 2: Overview of the proposed review-enhanced hierarchical contrastive learning.
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