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Label Propagation

Extreme Value Theory

Transductive learning
— open set

Manifold regularization

Semi-supervised learning

Methods based Structured data(Graph)
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1. Propagate f « Pf

2. Clamp the labeled data f; = Y;

3. Repeat from step 1 until f converges.
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procedure

Label Propagation through Linear Neighborhoods

(TKDE2008)

Semi-Supervised Learning with Manifold Fitted Graphs (IJCAI2013)
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Semi-Supervised Active Learning with Cross-Class Sample Transfer (IJCAI2016)
Active Learning — min —rSE’ + A\rSr’, s.t.r1'=p > 0,r = 0
T

where r; is the ranking score for x; € U and S is the k-NN graph on U and S;; = 1. This
problem can be solve by QP software or the augmented Lagrange multipliers algorithm.
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Large-Scale Adaptive Semi-Supervised Learning via Unified Inductive and
Transductive Model
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(a) Original toy data
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(b) Toy data after classification using our
model
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Sparse Representation-Based Open Set Recognition
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